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Grasping an Object by a Hand-Arm Robot Based on Human

Interaction Recalled from RGB-D Image

MASAKI YANOY® HIROYA FUKUHARA! TaDASHI MATSUO! NOBUTAKA SHIMADA!

Abstract: We propose a method that enables a robot to grasp on object based on how a human grasps it.
By observing interactions by humans, we model the relationship between a shape of an object and how to
grasp it. In advance, the model is trained with pairs of images before/after a human grasps an object. We
can train the model without labeling interaction between an object and a hand. With this model, a robot
can recall how a human grasps an object from an appearance of the object. The robot can grasp the object
by moving its hand to a point of the object where a human touches for grasp it. By experiments for actual
objects, we show availability of proposed technique.
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