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Abstract In this research, we use the depth image of the human hand recalled as input and wake the robot hand

of 3 fingers x 3 joints take the posture having the same function to grasp the object by the robot. Using Shift

Invariant Auto Encoder, we create a subspace that expresses the depth image of the hand in a sub dimension. A

small number of hand depth images are projected in the created sub dimensional space,

and a regression model is

created by associating the posture (joint angle) of the robot hand having the same function as the posture of the

hand. The depth image of the hand was projected to the actually created sub dimensional space, the projected one

was input to the regression model, and the estimated result was taken as the posture of the robot hand.
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