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(2)Specify the wrist position (b)Detection of SURF feature
of machine learning image

(c) Set of grid cell

Fig. 1: Conversion of wrist position and positions of
features to relative positional relationship class labels
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(b):Clustering

W wrist position

(c): Wrist position candidate

Fig. 2: Flow of wrist candidate detection
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probability

(d) : Set of grid
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Wrist Position
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Fig. 3: Flow of based on votes from the probability
distribution of wrist positions
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(b)

(a) :‘Wrist position : Value contribution Likeness hand

. : object position of
the center of gravity

o

c) : Hand*Background
class classification

(d) : Detection of hand region

Fig. 4: Flow of Classification of hand and object fea-
tures
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Fig. 5: Detection of center of gravity of objects.
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Fig. 6: Result of feature class classification
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